COSC 594
DM Alignment (lll)

Dongsheng Ding

Department of Electrical Engineering and Computer Science

Universitv of Tennessee. Knoxville



Announcement

Check Canvas for Homework 2
Due on 10/10, 11:59pm
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Optimal policy
B FINE-TUNING W/ PATH-WISE KL-REGULARIZATION
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B OPTIMAL VALUE FUNCTION
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B STAGE-WISE POLICY OPTIMIZATION
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Challenges

Question #1: How to estimate an optimal value function v,(-)?

Question #2: How to sample from a normalized distribution?
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Question #1: How to estimate an optimal value function v;(-)?



ve(2t)

Recursive optimal value function
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Closed-form optimal value function
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Estimation of optimal value function
Dataset: D= {z\) r@z)N,
Value function class : ¢(z,t): X x [0,7] = R

B NONLINEAR REGRESSION
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Approximate value function v,(z;) = ¢*(x,t)



Question #2: How to sample from a normalized distribution?



Importance sampling
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B SAMPLES FROM PRETRAINED MODEL pP™®
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Empirical approximation

r(x) M w(m)
5 pre c ~ 5
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Larger M/ = closer to p*



Target distribution
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B IMPORTANCE SAMPLING
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Online training-free sampling



